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What is Group?

Activity

Colocation Context sl Colocation Time

Motivation

v" Human beings are social by nature

v' Understanding the user behaviour, studying group is essential

v' Team formation among the individuals are the key factors behind
organizational efficiency

v Performance of students in institution impacted by the groups

Challenges

v' Colocation: Conceptualized as localization problem
= Retrieving highly precise location information is challenging
v' Context: User list are not predefined in physical world group
= Getting prior context of the users is challenging

Limitations

For informal group capture, deployment of fixed infrastructure Is
an overhead

Capturing the indoor scenario with the only GPS Is a challenging
due to the low coverage

Similar inertial sensing metric discards the group members with
the heterogeneity property

Pre-trained Information almost unavailable for Instantaneous
group members

Objectives

Developing a Lightweight Framework for Passively Encountering
Group Ildentification using Smartphone’

Developing a Lightweight Framework for Meeting Group
ldentification using Smartphone

Developing a Lightweight Framework for Group Role and Type
ldentification using Commodity used Devices

Designing a System for analysing the Group Dynamics

Location Group: Primary Indicator Selection
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Group Role: Primary Data Collection Framework
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Feature Generation: Measuring Proximity
v' Overlapping WiFi APs wusing Jaccard
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Feature Generation: Measuring Acoustic Context
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Experimental Scenarios & System Performance
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Conclusion
v' Developed PEG model, a smartphone based methodology to

iInfer various passively encountering groups
v Developed a novel unsupervised methodology to process the
context information for inferring the groups
v' Device independence and lightweight computable system
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